In order to solve the information transfer of social network media, a new information transfer prediction method is presented by a triangle ring attractor. At first, the description method of social media information is given in this model, and the evaluation indexes such as information recall rate, matching degree, and recall rate are emphatically expounded. At the same time, the characteristics of media information are analyzed with a triangular ring attractor, and an information transfer prediction model is established. Finally, through the simulation experiment, the key factors influencing the method are deeply analyzed. Experimental results show that compared with other algorithms, this method has good adaptability in the degree of information attenuation and information checking rate.
Introduction
With the rapid development of network information technology, Internet-oriented dissemination mode has become the mainstream media in the information era, and has begun to change people's daily life and lifestyle from various aspects. e subjects of information dissemination in social network media are centralized, and the ability to recognize and discriminate the information is affected by the social environment [1] [2] [3] [4] [5] [6] . e social network characteristics involved in social media are not analyzed and discussed. ese are only surface information, and there is no in-depth analysis of the characteristics of nodes in social networks. Many studies only use social media data as a part of data sources. ey are still based on a large number of traditional website data for prediction. Social media information is only predictive factors. erefore, it is necessary to adopt new methodology or combine a variety of mature theories to predict the impact of information dissemination in social network in this form. e information dissemination prediction methods of social networks can be generally divided into two categories, namely, macroscopic and microscopic prediction methods. e research of macropredictive methods mainly starts from the whole of information dissemination and predicts the future propagation situation, spread breadth, propagation depth, speed of propagation, and scope of influence of information dissemination. However, the research on information dissemination at the macrolevel mostly predicts the breadth of information dissemination, the depth of dissemination, and the speed of communication, but ignores the influence of social network topology on information dissemination. erefore, it is necessary to find indicators further for quantifying the structure of information dissemination structure, so as to accurately establish an information propagation structure morphology prediction model. e research of the microprediction method is mainly based on the details of information dissemination, considering the probability that information will be forwarded again after reaching a certain node. However, most of the microlevel prediction methods are concentrated on the nodes themselves, but the process of information dissemination is usually not independent, and there may be a relationship between competition and cooperation between nodes and nodes. erefore, it is necessary to consider the competition and cooperation between nodes to establish a more accurate information propagation prediction model. For example, the nonnegative matrix decomposition algorithm and the user clustering algorithm are the typical methods for depicting social network media. e nonnegative matrix decomposition algorithm follows the nonnegative constraint condition when decomposing the matrix and uses the gradient descent method to calculate the submatrix, but it is sensitive to outliers in the data set, and it is not easy to identify complex nonlinear data structures. e user clustering algorithm clusters with the text features generated by the user comments, which can optimize the information recommendation, but lacks a deeper representation of the user's point of view.
At present, the main methods to depict and predicate the information dissemination in social network are as follows: Bayesian network model [7] , Markov network model [8] , relationship dependence network model [9] , directed acyclic probabilistic entity relationship model [10] , random relationship model [11] , etc. And domestic and foreign scholars have proposed a lot of solutions. Shusen et al. [12] elaborated the basic concepts of network, role, etc. in social network; proposed the identification problem of implicit and explicit roles in social network; and analyzed the main methods and research status of these two types of role identification. Yongli et al. [13] established a method to predicate social network links based on decision-making analysis and utility function analysis, which depicted the estimation problem of utility function parameters, and proposed the Markov chain Monte Carlo parameter calibration method to enable users to make reasonable decisions in terms of model efficiency and accuracy. Yingan et al. [14] compared and analyzed multiple sampling methods according to the evolution track of sampling technology development in social media on account of the difficulty of traditional social media sampling method in dealing with its endogenous uncertainty and complexity and tested the above methods using social media data. Xiangwu et al. [15] summarized and analyzed the research status of mobile news recommendation and pointed out the difference between it and traditional news recommendation and other mobile recommendations and then made comparison and analysis on the basis of mobile news recommendation technology of social network, mobile news display, typical applications, etc. Lingling and Junping [16] studied the precise search of cross-media data in the field of emergency management and established a crossmedia information retrieval system, which provided a scientific and accurate decision-making basis for the mining and integration of emergency information. Yezheng et al. [17] selected original posts of the topic and structural data, e.g., number of comments and retweets, etc. based on the statistical characteristics of the topic, and finally got the prediction results of topic hotness by building the hotness curve model. Cataldi et al. [18] took the behavior characteristics of different users and the user relationship into account and judged the topic hotness of microblog through user relationship. Yuzhong et al. [19] proposed a method based on frequent pattern mining of data flow to detect hot topics in microblog flow. e shape-based prediction method considers that the occurrence, development, and change of hot topics show different trends with the change of time, space, and environment, that is, judgement of the trend of topics. Jiuxin et al. [20] discussed the construction and application of classic and popular time-series statistical models. Dakos et al. [21] gave an alarm when reaching key critical point with time-series mining method based on simulated ecological data set. Yanxiang et al. [22] adopted the similarity matrix with invariant scaling and translation to solve the clustering problem of dynamic time series on the basis of the idea of shape clustering. However, the above models have achieved good results in different forecasting fields, but still only use social media as a convenient method to obtain data. e essence is still the traditional event prediction. ere are still many problems in the above research that need to be further discussed, and a reasonable information prediction model is constructed by combining the development trend, and the calculation cost is relatively high. Within a defined scope, the network nodes with specific influence are defined as attractors, forming a triangle ring with the other two node clusters with strong and weak relationship, which does not mean that the other two nodes with strong and weak relationship cannot become attractors. When a social member changes, the influence of network structure itself will be affected, which will lead to the reduction of social influence of other two nodes in the ring, and the role of attractors in social network is to drive the structure to move toward the target state, and this traction state is defined as the edge weight of triangle ring, which reflects the influence between nodes. erefore, on the basis of the above work, this paper proposes a new prediction model for information dissemination in social media based on a triangle ring attractor [23] [24] [25] , which firstly presents the depiction method of social media information, analyzes the characteristic quantity of media information based on triangle ring attractor, and establishes the prediction model for information dissemination. Finally, the key factors affecting this method are analyzed deeply through simulation experiments. e structure of this paper is as follows: Section 1 presents the depiction method of social media information; the prediction model for information dissemination is established in Section 2; the simulation experiments are carried out in Section 3; Section 4 summarizes the full text.
Depiction Method of Social Media Information
Currently, with the rapid development of Internet, social network platform has gradually become the mainstream platform for the communication between people: users expand their own social circle using social network and carry out media entrepreneurship using social media platform, and friends and relatives communicate with each other through social platforms, and entertainments, current affairs, and new things spread rapidly and widely on the Internet media. However, since the trust mechanism of information dissemination itself is not perfect, and the inference algorithm of some computational research models cannot go deep into the information contents, and the established trust degree is not convincing, the information safety cannot be guaranteed. In order to predict the safety of information dissemination, this paper will depict the information structure of social network media and establish a distrust screening mechanism based on the uniqueness of information architecture. First of all, it needs to determine the target information network set u � u 1 , u 2 , u 3 , . . . , u n , in which u is the information of target user, and social network N and media network M of the user are given. As a result, the social network media of the user is represented as U � (M, N, u). e information received by the user is divided into information u i and effective information u a , 0 ≤ i ≤ n, in which n is the total number of information, and the recall rate Ψ is obtained from the distribution of joint probability p that the user receives effective information:
e process of information dissemination is refined in this paper. After the information is disseminated to a target user, an error will occur when the target user continues to disseminate the information. erefore, the attenuation coefficient ε is derived, which reflects the distortion state in the process of information dissemination, and Q is defined as the average dissemination range of network media M within effective time t. In order to search in a wide range of space, this paper proposes a local update formula in combination with reference [26] in view of the difficulty in defining the scope of information dissemination in social network:
Assuming that the dissemination scope is set as a multidimensional space, the information is continuously disseminated to the target user who updates the obtained information and then disseminates it to the relevant user. Based on this, a multidimensional network dissemination tree is constructed, and local update and calculation are carried out once during the information dissemination. In a certain time domain, if the information node w is the window period of information dissemination in the social media environment, the information is allocated and disseminated, and the information matching degree ϕ is depicted based on the characteristics of node dissemination:
e information dissemination in social media network is based on the trust degree, which conforms to uniform distribution. e random variable subject to uniform distribution is set as α, and local up-to-date solution u new is extracted from effective information based on the random walk rule of information dissemination:
where β ∈ [− 1, 1] is a random natural number. Set v as the dissemination speed in the dissemination scope. Due to different dissemination rates of information network U, the recall ratio δ of effective information in the process of information dissemination is depicted based on the optimal solution:
So, the objective optimization function of the effective information recall ratio δ is established by combining the abovementioned parameters such as the dissemination speed v, the information matching degree ϕ, and the average dissemination range Q, so as to obtain the optimal information transmission prediction value. e Solution method is given with the triangle ring attractor in the following:
Prediction Method
However, some hidden or unclear information ("click bait" for short) in real life enters people's vision by forwarding public opinions. In order to effectively exclude such information, identify, and predict the effective information dissemination in social network media, this paper first analyzes the structure of social network and divides the relationship between nodes into information dissemination relationship and receiving relationship according to the dissemination relationship between individuals in the social network [27] . Within a defined scope, the network nodes with specific influence are defined as attractors, forming a triangle ring with the other two node clusters with strong and weak relationship. When a social member changes, for example, a node goes offline (fishing node), the influence of network structure itself will be affected, which will lead to the reduction of social influence of other two nodes in the ring, and the role of attractors in social network is to drive the structure to move toward the target state, and this traction state is defined as the edge weight of triangle ring, which reflects the influence between nodes. Based on the degree of coupling between members, this paper establishes the information dissemination network and proposes an efficient method to calculate the nods with obvious strong and weak relationship.
In order to construct an abstract triangle ring, the process of information dissemination in network media is first depicted, and there are a variety of reasons affecting the information dissemination, and hot topics are easy to arouse people's interest in viewing and discussing information.
Mathematical Problems in Engineering 3 erefore, SIR model is built to calculate the whole process. Interest-related potential information factor vector I � {z 1 , z 2 , z 3 , . . ., z k } is introduced, in which I is obtained by counting the items clicked by users, and interest-related potential factors in the social information structure are analyzed. Assuming that the potential factor vector I has k potential factors, local tuple information <u, u new , z> is explained, and recommended model SIR in the social network project is established, and η function represents the target user and all users who have close relationship with the target user in the social network media, and conditional probability formula of target function η is defined:
where i ∈ k, in which u is the user cluster that does not receive the latest information but is easy to receive the information, and u new is the local user cluster who has received the updated information, and χ is the probability that the user will disseminate such information. uncertainedis a variable, satisfying the condition
e calculation formula is updated by analyzing the potential factors:
Due to the variability of information dissemination, it is difficult to describe the whole process in words. erefore, the dissemination multiplier c is derived according to the above indexes, which can reflect the abnormal jitter of information dissemination. Specific derivation process is as follows:
where 〈u, u new , i〉: u × η(u) × I rcc (u) are the data obtained by observation, andσis the parameter to be estimated in SIR model, and the basic formula is as follows:
Secondly, this paper conducts data mining on social network media information, determines the influence of information nodes based on the number of clicks, comments, etc., and identifies the attractors for a specific influence. For example, in the network structure, if f enables surrounding nodes to be disseminated or received one after another, then f can be regarded as an attractor. On the basis of the movement trend of surrounding nodes, a triangular ring based on the influence of the individual is designed to depict the edge weight and attraction degree of the information triangular ring. First of all, two node clusters are located according to the information dissemination process and information reception process, and then the attractors that are disseminated between information nodes are described by attraction degree, and the target node a(K � a 1 , a 2 , a 3 , . . . , a n ) is determined in the node cluster K of an information tree. Assuming that there is a node b(ζ � b 1 , b 2 , b 3 , . . . , b m ) in its adjacent node cluster N1, the dissemination multiplier c between two nodes is obtained by comparing a large amount of data and deriving the information dissemination process. erefore, the calculation formula of the edge weight d of the nodes a and b can be obtained as follows based on the edge weight b of information units a and b:
When a member is identified as a fishing node, the stable state of the triangular ring will be broken, and then the attractor will have an effect on the associated information nodes. erefore, the calculation formula P c ′ of the probability that the ring p ′ tends to be stable according to the impact of edge weight on the ring:
e information types, e.g., "click bait," "fishing information," etc., are mapped based on the degree of coupling between information members. After classification, a trust mechanism is established to judge the authenticity of information. At this time, negative information is cofiltered to compare positive information, depict the information attraction degree and reflect the information trust degree. If the attraction degree is positive, then such information is positive information; if the attraction degree is negative or zero, then such information is negative information, that is, false information. Specific depiction process is as follows: assuming that a and b are mutually independent, K and W are their respective DOF coefficients, and the calculation formula F(a, b) of attraction degree is derived based on the probability formula of triangle ring in the network and the calculation formula of edge weight:
Since the actual scope of information dissemination is not well defined, the model proposed in this paper will limit the frequency of dissemination. At the same time, in order to effectively calculate the attraction degree within the limited range, the DOF scope of information dissemination is limited as follows by combining the joint probability p of effective information, probability formula of triangular ring, and edge weight calculation formula that triangular ring tends to stable: if μ is the dissemination limit value, then μ satisfies
In the scope of limit value, assuming that the ring p ′ has unit rings I 1 and I 2 , any arbitrary integer r in the triangle ring P ′ � T(I 1 , I 2 , d) satisfies rI 1 − C(C ∈ P ′ ), and rI is reversible in the ring p ′ , then the initial value f of ring attractor is calculated in any invertible element W:
When the information of multiple members is added into the triangle ring P ′ � T(I 1 , I 2 , d), the information ii(i < l) of original members is overlaid to the updated information jj(j > 2) of the added member in the information network structure formed during the information dissemination for several times, in which l is the total number of members and δ is the strength change of a node. e change index H of triangle ring attractor is obtained here based on the strength change of network information nodes:
μ 0 � 1 is set to study the changes of attractors within the time range t. When only one member joins, an edge is added during the dissemination. Assuming that the strength of edge weight changes to 2 + 2δ for each added edge, then the triangle ring attractor changes to H ′ :
e following prediction algorithm of social network media information is established here according to the above methods:
(1) e social network media is constructed to form the information dissemination network structure. In the information network, various parameters of triangle ring attractor are initialized, and the dissemination limit value μ ′ is set:
(2) e target triangle ring P ′ � T(I 1 , I 2 , d) is selected in the information network, and information nodes a and b are randomly selected in the ring, and the edge weight of the ring is calculated based on the nodes a and b, which reflects the influence of ring attractor. At the same time, the recall rate Ψ of the ring p ′ is calculated based on the edge weight value between the nodes a and b in the process of information dissemination:
(3) e attraction degree F(a, b) between the nodes is obtained using the edge weight of triangle ring P ′ � T(a, b, d) and equation (16), and the attenuation occurring in the process of information dissemination is locally updated and handled based on the attenuation factor ε. At the same time, the information matching degree between random nodes a and b in the triangle ring is calculated as per equation (17):
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(4) If the information attraction degree is negative or zero, then such information is negative information, that is, false information, and it needs to filter out such information and return to step (2) ; if the attraction degree is positive, then such information is positive information. e attractorfof the triangle ring P is depicted based on the unidirectional strong and weak relationship existing in the process of information dissemination and the attraction degree, and then the optimal value of recall ratio δ is calculated based on the change H of attractor (there are similarities and differences between one or more information members) of the triangle ring P′ � T(a, b, d) in the dissemination process: 
Mathematical Simulation
To effectively verify the algorithm in this paper, this paper discusses and experiments on the authenticity, effectiveness, timeliness, etc. of social media information, and randomly selects and extracts from short messages of social network media as experimental data. Two real social network media, i.e., http://www.sina.com.cn/ and https://www.zhihu.com/ respectively, are selected in this paper as experimental data sources. As a public-oriented social media platform, Sina microblog mainly attracts the people of different ages with deep interest in entertainment exploration. More than 200,000 people post, update, comment, and forward information in real time every day, and users can enhance their connections by following and adding friends, and obviously, there is a strong relationship between the followed users; https://www.zhihu.com/ is a social platform for people to explore knowledge and discuss some scientific topics, and mainly attracts the people with strong desire for knowledge. However, the authenticity of the topics needs to be verified, and there is a certain strong relationship between the users who make a post. Part of the information published by the users with higher reputation is crawled through systematic online crawler technology, including some false information published by marketing accounts, etc., and the data source library is constructed. First of all, the randomly selected experimental data are grouped into 200 pieces of false data (totally fabricated), 200 pieces of "following" data (false information data are added in the dissemination process of real data), and 200 pieces of real and valid data based on the authenticity of information. e data with different authenticity are divided based on the actual situation: the authenticity of false data, "following data," and effective data is "1," "0," and "1," respectively. is algorithm is compared with two typical prediction algorithms in social network information dissemination, nonnegative matrix decomposition algorithm, [28] and the user clustering algorithm [29] . Because the data in the Web is not only large in amount of information, it is generally unstructured. At this time, the stored data matrix has the characteristics of high-dimensional sparseness, and nonnegative matrix decomposition can process and analyze large-scale information and reduce the original data dimension. e user clustering algorithm is simpler and faster. erefore, this paper compares these two algorithms. e prediction effect of the algorithm in this paper is shown in Table 1 .
In order to illustrate the effectiveness of the algorithm, this paper compares it with the common prediction methods of social network media information, as shown in Figure 1 , and the user clustering algorithm has poor computing performance for false information, and the recall rate obtained through calculation is less than 50%; the nonnegative matrix decomposition algorithm has low prediction degree and poor prediction performance for real information, so the recall rate is only 65%, while the triangle ring attractor algorithm has good prediction performance for the information with different authenticity, and the recall rate is above 95%. However, through data mining statistics, the algorithm in this paper has better prediction effect on the information with different authenticity and is close to the real data results compared with nonnegative matrix decomposition algorithm and user clustering algorithm.
In the real situation, the authenticity and effectiveness of social network media information will gradually decrease with the increase of time and dissemination frequency in the dissemination process. erefore, the attenuation coefficient ε is derived here to depict the attenuation degree of true and effective information. In order to verify the performance of the algorithm, a specific environment is set here for experiments, which does not satisfy the rule that the longer the time is in real environment, the greater the attenuation coefficient, and the attenuation coefficient is randomly assigned by the computer. According to the experimental results as shown in Figure 2 , with the increase of time, the attenuation coefficient in the nonnegative matrix decomposition algorithm starts to exceed 10 in the second day and then increases continuously, and the attenuation coefficient in the user clustering algorithm starts to exceed 10 in the fifth day, which exceeds the nonnegative matrix decomposition algorithm. It can be seen that the user clustering algorithm has low adaptability, and the attenuation coefficient of triangle ring attractor does not exceed 10 after 45 days. It thus can be seen that the algorithm in this paper can preserve the information well.
In general, under the influence of user's subjective emotion, the authenticity of negative information will be affected by pessimism and misery indexes in the dissemination process, and the information containing negative information is marked as negative information, which thus affects the judgement on information authenticity, and the recall ratios of three algorithms are calculated and compared under different negative information conditions by properly cofiltering the negative information, i.e., under the action of triangle ring attractor. As shown in Figure 3 , the influence factor is set as negative information, and the negative information is disseminated. e results show that the effective recall ratio of nonnegative matrix decomposition algorithm is greatly affected by negative information, and the recall ratio decreases as the proportion of negative emotion in subjective information increases, and the user clustering algorithm has better adaptability to the influence of negative information, but the recall ratio still does not exceed 80%, which is inferior to the impact of triangle ring attractor on the information. It can be seen from the comparison that the algorithm in this paper has good adaptability to the negative information, and the recall ratio is not lower than 95%.
At the same time, the information matching degree ϕ of the three algorithms is compared in Figure 4 . It can be seen from Figure 4 that during the experimental period, the information matching degree of the triangle ring attractor algorithm is much higher than that of the other two algorithms. is is because the nonnegative matrix decomposition algorithm uses the gradient descent method to calculate it, and it is sensitive to outliers in the data set and does not easily identify complex nonlinear data structures. But for the user clustering algorithm, When the density changes, the distance threshold varies with the cluster, and the high-dimensional data become difficult to estimate, which reduces the information matching degree.
In addition, it can be seen from the experimental calculation that the attraction degree has an impact on the recall ratio of calculation results, as shown in Figure 5 . In this paper, the recall ratio reflects the depth and breadth of information citation. With the change of attractors between information network nodes, the recall ratios obtained by these three algorithms have increased, but compared with common algorithms, e.g., user clustering algorithm and nonnegative matrix decomposition algorithm, even under the condition that the attraction degree is lower, the recall ratio of triangular ring attractor algorithm is more than 85%, and the increased value has been higher than other two algorithms. It can be seen that better prediction effect can be achieved by affecting the nodes in the ring with attractors and correcting the predication model. At the same time, according to the effective experimental statistics, the time effect of information after 30 days is generally close to 0, so the time effect within 30 days is considered here when calculating the edge weight. In this paper, in order to reflect the role of triangle ring attractor, the statistical data are calculated under a certain time condition to get the schematic diagram as shown in Figure 6 . When disseminating the information, the edge weight value is not 0, which indicates that the false information is mixed in it at the beginning, and with the increase of time, the edge weight value increases significantly, and the false information disseminated by the information increases significantly and reaches a peak on the 15 th day, which indicates that people intensively discuss the topics from the 1 st day to the 15 th day, resulting in the largest increase of false information in the process; from the 15 th day to the 30 th day, the hotness decreases, and the edge weight value tends to decline, which is also affected by other factors, e.g. reduction of marketing effort by marketing account, etc. e simulation calculation is also conducted on dissemination multiplier c in this paper, as shown in Figure 7 , and the dissemination multiplier reflects the abnormal jitter of information dissemination. For example, for some repeated sending and dissemination behaviors, c changes in approximately negative proportion within 30 days, and there is jitter on the 15 th day, which means the 15 th day is a transitional stage and is the feedback of the role of triangle ring attractor.
In addition, this paper also compares the index changes under multiple condition factors. e information dissemination multiplier c is proposed based on the SIR model above to verify the relationship between the multiplier and edge weight of information triangle ring, and this paper compares the calculation results through simulation experiments. Firstly, the environment variables are changed, and the attraction effect has a certain timeliness in the process of information dissemination, so only the time (days) of information dissemination is guaranteed to be different in the process of discussion to achieve the optimal influence effect. e simulation results are shown in Figure 8 , and the data within 10 days, 17 days, and 30 days are captured for comparison. It can be seen from the span between curve lines that the influence of attractor is more significant and presents an increasing trend in direct proportion with the increase of dissemination time on the platform. In a certain period of time, the larger the information dissemination multiplier is, the more obvious the influence of triangle ring attractor on the whole ring is and the more obvious the side reaction ring fluctuation is, which indirectly reflects that the ring fluctuates significantly, and the effect that attractors guide to keep stable is obvious. e longer the information ferments with time, the greater the distortion, and the more obvious the span deviates from the essence of the matter, which is consistent with the effect of weight increase. is paper depicts the influence of triangle ring attractor using edge weight value, and different edge weight values are provided here to calculate the probability that the triangle ring tends to be stable. Generally, the triangular ring tends to be stable under the action of edge weight. Considering that there are many kinds of incentives affecting the edge weight, this paper focuses on the comparison of the changes in information dissemination multiplier, and the time period is planned from the 6 th day to the 15 th day. e experimental results are shown in Figure 9 . As the edge weight value increases, it can be seen from the broken line distance that P c ′ also increases; however, when observing a broken line, the reason for the decrease of P c ′ value is that the number of attractors changes. Even if the information multiplier increases, the attractors will also be limited by μ in the real situation. erefore, the attractors are depicted.
ere are many factors affecting the attractor, and one of the most significant factors is the dissemination limit, which reflects the upper limit of dissemination frequency to control the defect that the dissemination scope is wide. e relationship between μ and f is compared here, and during the 30-day experimental period, as shown in Figure 10 , attractors are significantly affected by μ in 1-13 days; μ has almost no effect in 14-30 days. is is because that with the increase of dissemination time, the hotness increases first and then decreases, and the corresponding scope and frequency of dissemination change first along the trajectory. When false information is mixed in it, the number of attractors increases with the change of μ to maintain a steady state, but when the hotness decreases, the whole information network tends to be stable, and the demand for attractors no longer increases. In general, the dissemination limit only plays a role in the peak period.
To depict the information from various aspects, this paper also compares the correlation between μ and F. Similarly, 30-day dissemination time is set, and μ � 30, μ � 20, and μ � 10 are also set to capture the data under three conditions for calculation, as shown in Figure 11 . e results show that the attraction degree increases with time on the thirteenth day, and then decreases sharply after the hotness gradually decreases. On the eighteenth day, the attraction degree decreases slowly but still decreases. It can be speculated that users no longer pay attention to this information at this time, and some follow-up information is not forwarded. Moreover, the dissemination multiplier also limits the changes of attraction degree, which indicates that the dissemination frequency also has an impact on the attraction degree, and the influence peaks in 1-15 days and 20-30 days.
Conclusions
In order to effectively solve the dissemination problem of social network media information, this paper proposes a new prediction model for information dissemination based on triangle ring attractor, which firstly presents the depiction method of social media information, and focuses on the evaluation indexes of information recall rate, matching degree and recall ratio, and analyzes the characteristic quantity of media information based on triangle ring attractor, and establishes the prediction model for information dissemination. Finally, the key factors affecting this method are analyzed deeply through simulation experiments. Experimental results show that this method has better adaptability in terms of information attenuation degree and information recall ratio compared with other algorithms. Fractal characteristics of social network media information can be considered in the follow-up study, and a variety of artificial intelligence methods can be combined to improve the prediction model for social network media information.
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